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There are errors in the second paragraph of the subsection titled, "Definition and terminology of TD" in the Materials and Methods section. All instances of the following, "*G*(*n*~1~, *n*~2~, ..., *n*~m~)" should instead read as, $``G\left( \mathcal{l}_{1},\mathcal{l}_{2},\ldots,\mathcal{l}_{m} \right)$. The correct paragraph should be: TD is the expansion of tensor $x_{n_{1},n_{2},\ldots,n_{m}}$, *n*~*k*~ = 1, ..., *N*~*k*~, 1 ≤ *k* ≤ *m* in the form $$x_{n_{1},n_{2},\ldots,n_{m}} = {\sum\limits_{\mathcal{l}_{1} = 1}^{N_{1}}\ldots}{\sum\limits_{\mathcal{l}_{m} = 1}^{N_{m}}{G\left( {\mathcal{l}_{1},\mathcal{l}_{2},\ldots,\mathcal{l}_{m}} \right)}}{\prod\limits_{k = 1}^{m}x_{n_{k},\mathcal{l}_{k}}}$$ where $x_{n_{k},\mathcal{l}_{k}}$, 1 ≤ *k* ≤ *m*, are orthogonal matrices. Since $x_{n_{1},n_{2},\ldots,n_{m}}$ is as large as $G\left( \mathcal{l}_{1},\mathcal{l}_{2},\ldots,\mathcal{l}_{m} \right)$, this formula is clearly overcomplete and does not give unique expansion. In this study, in order to decide $G\left( \mathcal{l}_{1},\mathcal{l}_{2},\ldots,\mathcal{l}_{m} \right)$, $x_{n_{k},\mathcal{l}_{k}}$, 1 ≤ *k* ≤ *m* uniquely, I employ the higher order singular value decomposition (HOSVD) algorithm \[23\], which has successfully used to analyse microarrays \[24\] previously. $G\left( {\mathcal{l}_{1},\mathcal{l}_{2},\ldots,\mathcal{l}_{m}} \right)$ is a core matrix. $x_{n_{k},\mathcal{l}_{k}}$, 1 ≤ *k* ≤ *m*, are singular value matrices and their column vectors are singular value vectors. $G\left( \mathcal{l}_{1},\mathcal{l}_{2},\ldots,\mathcal{l}_{m} \right)$, having larger absolute values, has more contribution to $x_{n_{1},n_{2},\ldots,n_{m}}$. Since the combination of $x_{n_{k},\mathcal{l}_{k}}$, 1 ≤ *k* ≤ *m*, associated with $G\left( \mathcal{l}_{1},\mathcal{l}_{2},\ldots,\mathcal{l}_{m} \right)$ to which larger absolute values were attributed contributes more collectively to $x_{n_{1},n_{2},\ldots,n_{m}}$, they are more likely to be associated with one another.
